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Abstract 

This ongoing qualitative case study explores the development of a comprehensive framework for integrating 

AI-based assistants in business operations. Employing a single, revelatory case study approach (Yin, 2018), 

the research investigates Alaiq, a German startup specializing in creating and implementing AI-based 

assistants. Data collection spanned three years (2021-2024), utilizing semi-structured interviews, company 

documents, and observations. The study applies grounded theory methodology (Glaser & Strauss, 2017) for 

data analysis, identifying 12 main categories and their core themes. These form the foundation for three 

theoretical concepts: the Business Process-Centric AI Implementation Methodology, the Iterative AI-

Training and Development Cycle, and the Data-Driven AI Implementation Framework. These concepts are 

synthesized into a unified, holistic framework that considers the organizational, technical, and data 

management aspects of AI implementation. The resulting framework offers a structured approach for 

effectively integrating AI technologies into business processes and realizing their potential benefits. This 

research has implications for both academics and practitioners, presenting opportunities for further 

investigation, interdisciplinary collaboration, and practical applications in navigating the complexities of AI 

adoption and fostering a culture of continuous improvement and responsible AI governance. 

Purpose 

In today's rapidly evolving business landscape, organizations are increasingly turning to AI-based assistants 

to enhance efficiency, improve decision-making, and deliver superior customer experiences (Wilson and 

Daugherty, 2018). However, many companies struggle to effectively implement these technologies due to a 

lack of comprehensive and practical frameworks that guide the integration process (Reim, Åström, and 

Eriksson, 2020). 

Our research aims to bridge this gap by developing a holistic framework that empowers businesses to 

successfully navigate the complexities of AI implementation. By conducting an in-depth case study of Alaiq, 

a German startup at the forefront of AI-based assistant development and implementation, we seek to uncover 

the key factors, challenges, and best practices that drive successful AI adoption. 

The ultimate goal of our research is to provide organizations with a roadmap for seamlessly integrating AI-

based assistants into their operations, enabling them to unlock the full potential of these transformative 



technologies. By offering practical insights and actionable recommendations, we aim to equip business 

leaders, project managers, and employees with the tools they need to effectively collaborate with AI, 

optimize their processes, and drive meaningful results. 

Through our findings, we hope to contribute to the broader conversation around AI adoption in business, 

fostering a culture of continuous improvement, responsible AI governance, and human-machine 

collaboration that will shape the future of work. 

Problem of Practice 

In the fast-paced world of business, organizations are constantly seeking ways to stay ahead of the curve 

and maintain a competitive edge. The advent of AI-based assistants has opened up a wealth of opportunities 

for companies to streamline their operations, enhance decision-making, and provide unparalleled customer 

experiences. However, the path to successful AI implementation is often fraught with challenges and 

uncertainties. 

Many organizations find themselves grappling with a myriad of questions: How do we align our AI 

initiatives with our business objectives? What are the key factors that determine the success of AI 

implementation? How can we ensure seamless collaboration between our human workforce and AI-based 

assistants? Without clear answers to these questions, companies risk investing significant resources in AI 

projects that fail to deliver the desired results. 

The lack of comprehensive and practical frameworks for implementing AI-based assistants has left many 

businesses struggling to navigate the complexities of AI adoption (Reim, Åström, and Eriksson, 2020). 

Leaders are often left to rely on trial and error, leading to wasted time, resources, and missed opportunities. 

This is where our research comes in. 

By delving into the real-world experiences of Alaiq, a trailblazer in the field of AI-based assistant 

development and implementation, we aim to uncover the critical success factors and best practices that can 

help organizations overcome the challenges of AI adoption. Our findings will provide a clear and actionable 

roadmap for businesses looking to harness the power of AI-based assistants and transform their operations 

for the better. 

Results 

Our in-depth case study of Alaiq, a German startup specializing in AI-based assistant development and 

implementation, has yielded groundbreaking results that have the potential to revolutionize the way 

businesses approach AI adoption. 



Through a meticulous analysis of extensive data collected over a three-year period, we have identified 12 

key categories and their associated core themes that form the foundation for successful AI implementation. 

These categories encompass a wide range of factors, from organizational readiness and project management 

to data governance and human-AI collaboration. 

Building upon these findings, we have developed three pivotal theoretical concepts that address the most 

critical aspects of AI adoption: 

1. The Business Process-Centric AI Implementation Methodology, which emphasizes the importance of 

aligning AI initiatives with specific business processes and objectives. 

2. The Iterative AI-Training and Development Cycle, which highlights the need for continuous refinement 

and improvement of AI-based assistants based on real-world feedback and data. 

3. The Data-Driven AI Implementation Framework, which underscores the crucial role of effective data 

management in ensuring the success of AI projects. 

By integrating these three concepts into a unified, holistic framework, we have created a powerful tool that 

organizations can use to navigate the complexities of AI adoption and achieve tangible results. Our 

framework provides a structured approach that takes into account the organizational, technical, and data 

management aspects of AI implementation, enabling businesses to effectively integrate AI-based assistants 

into their operations and unlock their full potential. 

The implications of our research are far-reaching, with the potential to shape the future of AI adoption in 

businesses across industries. By providing a clear and actionable roadmap for success, our findings empower 

organizations to confidently embark on their AI journeys, armed with the knowledge and tools they need to 

transform their operations and stay ahead of the curve in an increasingly competitive landscape. 

Conclusions 

Our groundbreaking research into the development and implementation of AI-based assistants has yielded 

a wealth of insights that have the power to transform the way businesses approach AI adoption. By 

conducting an in-depth case study of Alaiq, a pioneering German startup, we have uncovered the key factors, 

challenges, and best practices that determine the success of AI implementation in real-world business 

environments. 

The culmination of our research is a comprehensive, holistic framework that integrates three crucial 

theoretical concepts: the Business Process-Centric AI Implementation Methodology, the Iterative AI-

Training and Development Cycle, and the Data-Driven AI Implementation Framework. This framework 

provides organizations with a clear and actionable roadmap for effectively integrating AI-based assistants 



into their operations, taking into account the organizational, technical, and data management aspects of AI 

adoption. 

The implications of our findings are significant for businesses across industries. By leveraging the insights 

and recommendations provided by our framework, organizations can confidently navigate the complexities 

of AI adoption, avoid common pitfalls, and unlock the full potential of AI-based assistants to drive 

efficiency, improve decision-making, and enhance customer experiences. 

Moreover, our research contributes to the broader conversation around the future of work and the role of AI 

in shaping the business landscape. By fostering a culture of continuous improvement, responsible AI 

governance, and seamless human-machine collaboration, organizations can position themselves at the 

forefront of the AI revolution and secure a competitive edge in an increasingly dynamic and challenging 

market. 

In conclusion, our study represents a significant milestone in the field of AI adoption, providing businesses 

with the tools and knowledge they need to successfully harness the power of AI-based assistants and 

transform their operations for the better. As organizations continue to navigate the ever-evolving landscape 

of artificial intelligence, our framework serves as a valuable guide, empowering them to make informed 

decisions, overcome challenges, and realize the immense potential of AI in driving business success. 

Practical Relevance 

Our research offers a comprehensive framework that empowers organizations to effectively integrate AI-

based assistants into their operations. By providing a clear and actionable roadmap grounded in real-world 

insights from Alaiq's success story, we equip business leaders, project managers, and employees with the 

tools they need to navigate the complexities of AI adoption. 

The Business Process-Centric AI Implementation Methodology, Iterative AI-Training and Development 

Cycle, and Data-Driven AI Implementation Framework work together to help organizations align AI 

initiatives with business objectives, continuously refine and improve AI-based assistants, and harness the 

power of data to unlock the full potential of AI. 

The practical implications of our research extend beyond AI adoption itself, fostering a culture of continuous 

improvement, responsible AI governance, and seamless human-machine collaboration. This positions 

organizations at the forefront of the AI revolution, enhancing their ability to drive efficiency, improve 

decision-making, and deliver exceptional customer experiences. 

By bridging the gap between the vast potential of AI-based assistants and the real-world challenges of 

implementation, our framework empowers organizations to make informed decisions, allocate resources 



effectively, and ensure the success of their AI initiatives, setting the stage for long-term success in a 

competitive business environment. 

Research Question 

This study explores the development of a comprehensive framework for integrating AI-based assistants in 

business operations, focusing on the key factors, challenges, and best practices that influence successful AI 

implementation (Dwivedi et al., 2021; Fountaine et al., 2019). 

Method and Design 

A qualitative case study approach was employed to investigate the complex, real-world phenomenon of AI 

implementation in a business context (Eisenhardt, 1989; Yin, 2018). The study focused on a single, 

revelatory case of a German startup, Alaiq, selected for its potential to provide unique insights into the 

intricacies of AI-based assistant development and implementation (Eisenhardt & Graebner, 2007). 

Data Collection, Sample, and Analysis 

Data were collected over a three-year period (January 2021-January 2024) from multiple sources, including 

semi-structured interviews, asynchronous interviews, personal notes, email conversations, company 

presentations, training videos, and extensive company documentation. All interviews and relevant video 

content were transcribed verbatim, and data were organized using MAXQDA software (VERBI Software 

GmbH). The data analysis followed the grounded theory methodology (Glaser & Strauss, 2017), employing 

open coding, selective coding, and theoretical coding to identify categories, themes, and concepts that 

informed the development of the proposed framework (Charmaz, 2014; Glaser, 1978). 

Practical Problem 

In today's fast-paced business world, organizations are increasingly turning to AI-based assistants to 

streamline operations, enhance decision-making, and improve customer experiences (Wilson and 

Daugherty, 2018). However, the path to successful AI implementation is often fraught with challenges and 

uncertainties, leaving many companies struggling to realize the full potential of these transformative 

technologies (Reim, Åström, and Eriksson, 2020). 

One of the primary obstacles businesses face is the lack of clear guidance on how to effectively integrate 

AI-based assistants into their existing processes and structures. Without a comprehensive framework to 

follow, organizations risk investing significant time and resources into AI initiatives that fail to deliver the 

desired results. This can lead to wasted efforts, missed opportunities, and a growing sense of frustration 

among employees and stakeholders alike. 



Moreover, the rapid pace of technological change means that businesses must continually adapt and evolve 

their AI strategies to stay ahead of the curve. This requires a deep understanding of the key factors that drive 

successful AI implementation, as well as the ability to anticipate and overcome potential roadblocks along 

the way. 

For many organizations, the challenge is not just in developing and deploying AI-based assistants, but also 

in fostering a culture of continuous improvement and collaboration between human employees and their 

digital counterparts. Without a clear roadmap for navigating these complex dynamics, businesses risk 

creating silos and resistance that can undermine the effectiveness of their AI initiatives. 

To overcome these challenges and unlock the full potential of AI-based assistants, organizations need a 

practical, actionable framework that can guide them through the entire implementation process, from initial 

planning and development to ongoing optimization and refinement. By providing a clear set of best practices 

and proven strategies, such a framework can help businesses avoid common pitfalls, accelerate their AI 

adoption journey, and ultimately achieve the transformative benefits they seek. 

Literature Review 

The integration of AI-based assistants in business operations has been a topic of growing interest among 

scholars and practitioners alike. Recent studies have explored various aspects of AI adoption in 

organizational settings, providing valuable insights into the factors influencing AI implementation success, 

the development of implementation frameworks, and the specific case of AI-based assistants (Alsheibani et 

al., 2018; Brock & von Wangenheim, 2019; Dwivedi et al., 2021). 

Several researchers have investigated the organizational factors that impact AI adoption, such as leadership 

support, financial resources, and the alignment of AI initiatives with overall business strategy (Kurup & 

Gupta, 2022; Reim et al., 2020). Additionally, scholars have emphasized the importance of organizational 

readiness factors, including culture and structure, in facilitating the effective integration of AI-based 

automation and decision-making (Jöhnk et al., 2021). While these studies provide a foundation for 

understanding AI adoption, they often lack a specific focus on the unique challenges and considerations 

associated with implementing AI-based assistants. 

Various implementation frameworks for AI in business have been proposed, ranging from general adoption 

models (Chen et al., 2021; Jöhnk et al., 2021) to more specialized frameworks addressing AI-enabled 

business model innovation (Brock & von Wangenheim, 2019; Reim et al., 2020). However, these 

frameworks often lack a comprehensive approach that accounts for the full spectrum of factors influencing 

the successful integration of AI-based assistants, such as technical considerations, organizational dynamics, 

and ethical implications. 



Research on the implementation of AI-based assistants in business has primarily focused on specific use 

cases, such as clinical decision support systems (Fujimori et al., 2022) or business process automation (Rizk 

et al., 2020). While these studies offer valuable insights into the potential benefits and challenges of AI-

based assistants in particular contexts, there remains a need for a more holistic understanding of the 

implementation process that can guide organizations across diverse industries and functions. 

The existing literature also highlights the importance of human-AI collaboration and its potential 

implications for the future of work (Jetha et al., 2023; Krämer & Cazes, 2022). However, there is limited 

research on the practical strategies and best practices for fostering effective collaboration between human 

employees and AI-based assistants in organizational settings. 

This study aims to address the identified gaps in the literature on AI adoption in business by developing 

comprehensive and practical frameworks for implementing AI-based assistants, promoting a holistic 

approach that considers the technical, organizational, and ethical dimensions of AI integration, and 

deepening our understanding of human-AI collaboration in the workplace. Through these contributions, we 

seek to provide valuable insights and actionable guidance to organizations navigating the complexities of 

AI adoption and striving to realize its transformative potential. 

Findings 

Our in-depth case study of Alaiq, a German startup at the forefront of AI-based assistant development and 

implementation, has yielded a wealth of insights that can help organizations across industries navigate the 

complexities of AI adoption and unlock the full potential of these transformative technologies. 

Through our rigorous research process, we have identified 12 key categories and their associated core 

themes that form the foundation for successful AI implementation. These categories span a wide range of 

critical factors, from organizational readiness and project management to data governance and human-AI 

collaboration (Dwivedi et al., 2021; Fountaine et al., 2019). 

Building upon these findings, we have developed three pivotal theoretical concepts that address the most 

pressing challenges and opportunities in AI adoption (table 1): 

1. The Business Process-Centric AI Implementation Methodology emphasizes the importance of aligning 

AI initiatives with specific business processes and objectives, ensuring that the technology is deployed in a 

manner that drives tangible results and value creation. 

2. The Iterative AI-Training and Development Cycle highlights the need for continuous refinement and 

improvement of AI-based assistants based on real-world feedback and data, enabling organizations to adapt 

and optimize their AI solutions in response to evolving needs and circumstances. 



3. The Data-Driven AI Implementation Framework underscores the crucial role of effective data 

management in ensuring the success of AI projects, providing organizations with a clear roadmap for 

harnessing the power of data to fuel AI performance and decision-making (Janssen et al., 2020). 

 

(Table 1: Overview of categories for theoretical concepts)  

By integrating these three concepts into a unified, holistic framework (table 2), we have created a powerful 

tool that organizations can leverage to successfully navigate the AI adoption journey. Our framework offers 

a structured approach that takes into account the organizational, technical, and data management aspects of 

AI implementation, empowering businesses to effectively integrate AI-based assistants into their operations 

and realize the full range of benefits they offer. 

 

(Table 2: Unified Holistic Framework) 

The implications of our findings are far-reaching and transformative. By providing organizations with a 

clear and actionable roadmap for AI adoption, grounded in real-world insights and best practices, we are 

enabling them to confidently embark on their AI journeys and achieve measurable results. Whether it's 



driving efficiency gains, improving decision-making, enhancing customer experiences, or unlocking new 

opportunities for innovation and growth, our framework equips organizations with the tools and knowledge 

they need to succeed in the age of AI. 

As businesses continue to navigate the rapidly evolving landscape of artificial intelligence, our findings 

serve as a critical guide, helping them to make informed decisions, overcome challenges, and realize the 

immense potential of AI-based assistants in driving organizational success. By embracing the insights and 

recommendations contained within our framework, organizations can position themselves at the forefront 

of the AI revolution and secure a competitive edge in an increasingly dynamic and demanding market. 

Lessons for Practice 

Our research into the development and implementation of AI-based assistants offers a wealth of valuable 

lessons for practitioners seeking to harness the power of these transformative technologies in their own 

organizations. By distilling the key insights and best practices from our in-depth case study of Alaiq, we 

have identified several critical lessons that can help businesses across industries navigate the complexities 

of AI adoption and achieve measurable success. 

1. Align AI initiatives with business objectives: One of the most important lessons for practice is the need 

to ensure that AI-based assistants are developed and deployed in a manner that aligns closely with specific 

business processes and objectives (Fountaine et al., 2019). By taking a business process-centric approach to 

AI implementation, organizations can ensure that the technology is targeted at the areas where it can deliver 

the greatest value and impact. 

2. Embrace continuous improvement: Another key lesson is the importance of adopting an iterative approach 

to AI training and development (Alsheibani et al., 2018). By continuously refining and improving AI-based 

assistants based on real-world feedback and data, organizations can ensure that their AI solutions remain 

relevant, effective, and adaptable in the face of changing needs and circumstances. 

3. Prioritize data management: Effective data management is critical to the success of any AI initiative 

(Janssen et al., 2020). Organizations must prioritize the development of robust data governance frameworks, 

ensure data quality and relevance, and maintain a strong focus on data privacy and security throughout the 

AI implementation process. 

4. Foster human-AI collaboration: The successful integration of AI-based assistants into business operations 

requires a strong focus on fostering collaboration between human employees and their digital counterparts 

(Wilson & Daugherty, 2018). By developing clear roles and responsibilities, providing adequate training 

and support, and promoting a culture of continuous learning and adaptation, organizations can unlock the 

full potential of human-AI collaboration. 



5. Adopt a holistic approach: Finally, our research underscores the importance of adopting a holistic 

approach to AI implementation that takes into account the full range of organizational, technical, and data 

management considerations. By leveraging a comprehensive framework like the one developed through our 

study, organizations can ensure that they are addressing all of the critical factors necessary for success. 

By embracing these lessons for practice, businesses can position themselves to effectively harness the power 

of AI-based assistants and drive meaningful improvements in efficiency, decision-making, customer 

experience, and overall organizational performance. As the AI landscape continues to evolve at a rapid pace, 

these lessons will remain essential guideposts for organizations seeking to navigate the challenges and 

opportunities of this exciting new frontier. 

Contributions to Theory 

This study makes several contributions to the theoretical understanding of AI adoption in business contexts. 

By developing a comprehensive and holistic framework for implementing AI-based assistants, grounded in 

the real-world experiences of Alaiq, we extend and enrich the existing literature on AI implementation and 

provide a foundation for future research in this rapidly evolving field. 

One of the key theoretical contributions of this study is the development of the Business Process-Centric AI 

Implementation Methodology. This concept emphasizes the importance of aligning AI initiatives with 

specific business processes and objectives, and provides a framework for understanding how organizations 

can effectively integrate AI-based assistants into their operations (Fountaine et al., 2019; Dwivedi et al., 

2021). By highlighting the critical role of business process alignment in AI implementation success, this 

methodology extends existing theories of technology adoption and provides a new lens through which to 

examine the interplay between AI and organizational strategy. 

Another significant contribution of this study is the development of the Iterative AI-Training and 

Development Cycle. This concept underscores the importance of continuous refinement and improvement 

in the development and deployment of AI-based assistants, and provides a theoretical framework for 

understanding how organizations can adapt and optimize their AI solutions over time (Alsheibani et al., 

2018). By emphasizing the dynamic and iterative nature of AI implementation, this concept challenges 

traditional models of technology adoption and highlights the need for ongoing learning and adaptation in 

the face of rapidly evolving technologies. 

The Data-Driven AI Implementation Framework developed through this study also makes important 

contributions to theory. By highlighting the critical role of effective data management in AI implementation 

success, this framework extends existing theories of data governance and provides a new perspective on the 

interplay between data, AI, and organizational performance (Janssen et al., 2020). The framework also offers 



a theoretical foundation for understanding how organizations can harness the power of data to drive AI 

performance and decision-making, and provides a roadmap for future research in this area. 

Finally, by integrating these three theoretical concepts into a unified, holistic framework for AI 

implementation, this study makes a significant contribution to the broader literature on technology adoption 

and organizational change. The framework provides a comprehensive and nuanced understanding of the 

complex interplay between technology, people, and processes in the context of AI adoption, and offers a 

new theoretical lens through which to examine the challenges and opportunities associated with this 

transformative technology. 

Overall, the theoretical contributions of this study have implications for both researchers and practitioners. 

By providing a robust and actionable framework for understanding AI implementation in business contexts, 

grounded in real-world insights and best practices, we open up new avenues for research and provide a 

foundation for the development of more effective strategies for AI adoption and value creation. As the AI 

landscape continues to evolve at a rapid pace, the theoretical insights generated through this study will 

remain essential guideposts for scholars and practitioners alike, as they seek to navigate the challenges and 

opportunities of this exciting new frontier. 
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Appendix on Method: 

 



Research Design 

This study employed a qualitative case study research design to explore the complex, real-world 

phenomenon of AI-based assistant implementation in a business context (Eisenhardt, 1989; Yin, 2018). The 

case study approach was chosen for its ability to provide rich, in-depth insights into the intricacies of AI 

adoption and to facilitate the development of a comprehensive and holistic framework for AI 

implementation (Creswell, 2018). 

Case Selection 

The research focused on a single, revelatory case study of Alaiq, a German startup specializing in the 

development and implementation of AI-based assistants for various business applications, including 

purchasing, supply chain management, and production planning. The selection of this case was based on its 

potential to offer unique insights into the challenges, strategies, and outcomes of deploying AI-based 

assistants in diverse business environments (Eisenhardt & Graebner, 2007). The in-depth nature of the case 

study aligns with the research objectives of exploring the complex interplay between technological 

innovation and organizational practices. 

Data Collection 

Data collection for this study was conducted over a period of three years, from January 2021 to January 

2024, to capture the long-term impact of AI integration on business operations. A variety of data sources 

were utilized, including: semi-structured interviews with the startup's founde, asynchronous interviews, 

personal notes, email conversations, company presentations, training videos and extensive company 

documentation. 

This multi-source approach ensured a comprehensive view of the development and implementation phases 

of the AI-based assistants (Creswell, 2018). 

Data Management and Analysis 

All interviews and relevant video content were transcribed verbatim to ensure the accuracy and 

completeness of the data. The collected data were organized into a coherent case study database using 

MAXQDA (VERBI Software GmbH) for effective data management and analysis. The software facilitated 

the coding, categorization, and thematic analysis of the data, following established qualitative analysis 

methodologies (Saldaña, 2013). 

The data analysis process was guided by the grounded theory methodology, which emphasizes the iterative 

and continuous nature of data collection and analysis (Glaser & Strauss, 2017). The analysis began with 

open coding to identify initial categories, themes, and concepts emerging from the data (Charmaz, 2014). 



Selective coding was then employed to focus on the most relevant codes to the core phenomena of the study 

(Glaser & Strauss, 2017). Finally, theoretical coding was used to integrate the selected codes into a coherent 

theoretical framework that illuminates the intricacies of AI-based assistant implementation (Glaser, 1978). 

Ethical Considerations 

Throughout the research process, strict ethical principles were adhered to, including obtaining informed 

consent from participants, maintaining data confidentiality, and securely handling sensitive information 

(Creswell, 2018). The study's adherence to ethical standards ensures the integrity and trustworthiness of the 

findings. 

Limitations and Future Research 

While this study provides valuable insights into the implementation of AI-based assistants in a business 

context, it is not without limitations. The single case study design may limit the generalizability of the 

findings to other organizations or industries. Future research could employ multiple case studies or 

quantitative methods to validate and extend the proposed framework. 

Additionally, the focus on a German startup may not fully capture the cultural and institutional differences 

that may influence AI adoption in other geographical contexts. Future studies could explore the applicability 

of the framework in diverse cultural settings and identify potential adaptations or refinements. 

Finally, as the field of AI continues to evolve rapidly, future research should continue to investigate the 

emerging challenges and opportunities associated with AI-based assistant implementation, and update the 

proposed framework accordingly. 
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